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Abstract

The main sources of income and assets are important for any organization. With this in
mind, companies have begun to make more efforts to maintain their financial health.
Given that the cost of acquiring a new customer is often much higher than ensuring
customer satisfaction, customer churn has become a primary area of concern for many
companies. Client-facing companies, particularly those in the technology industry, are
encountering significant challenges due to customer attrition. As the telecommunications
industry rapidly evolves, predicting customer dropout has become a key activity in
gaining a competitive edge in the market. Predicting customer churn provides operators
with a window of opportunity to remediate issues and implement a series of preventative
measures before customers migrate to other service providers. In this research, a decision
support system for predicting and estimating customer churn for Kurdistan
Telecommunication Company (which has 52,900 subscribers) is presented using various
data-mining and machine learning methods, including simple linear regression (SLR),
multiple linear regression (MLR), polynomial regression (PR), logistic regression,
artificial neural networks, Adabust, and random forest. The results of the evaluations
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conducted on the dataset of Kurdistan Province Telecommunication Company
demonstrate the high performance of artificial neural network methods with 99.9%
accuracy, Adabust with 99.9% accuracy, and random forest with 100% accuracy.
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