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Abstract

Redundancy allocation problem is one of the most important problems in reliability area. This problem
involves the suitable redundancy levels under certain strategies to maximize system reliability under
some constraints. However, it has undergone many changes to come closer to the real situations.
Selecting the redundancy strategy and using different system configuration are some of these changes.
In this paper, we studied the effects of technical and organizational activities on this problem and
showed the difference between the system reliability with and without using these activities. Also,
we worked on a system containing s subsystems connected serially. Each subsystem contains n; ,7 =
1,2,..., s parallel components that can be selected from m; ,i =1,2,..., s different component types
and all subsystem components must be identical. Because redundancy allocation problem belongs to
Np. Hard problems, we used a new metaheuristic algorithm called memetic competition algorithm for
solving the presented problem and compared the results of this algorithm with other solving methods.
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tional activities.

1 Introduction

N this paper, we investigated a system contain-
I ing s subsystems which are serially connected.
Each subsystem contains n; ,i = 1,2,...,s paral-
lel components that can be selected from m; ,i =
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1,2,...,s different component types and all sub-
system components must be identical.

In 1968, Fyffe et al. [5] presented the mathe-
matical model of RAP (Redundancy Allocation
Problem) with active strategy. The presented
model aimed to maximize system reliability un-
der cost and weight constraints and solved their
model using dynamic programing. Nakagawa and
Miyazaki [10] presented a nonlinear programing
of reliability optimization with solving method.
In fact they made some changes on Fyffe problem
and solved the model with surrogate constraints
algorithm. They showed that this model was
more effective than dynamic programing. Coit [3]
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presented a solving method based on linear pro- 2
graming for an RAP with cold-standby strategy

Problem definition

in 2001 and then Ramirez-Marquez and Coit [11] 2.1 Nomenclature

presented a heuristic algorithm for RAP. Tian et
al. [15] presented a model based on physical pro-

gramming and genetic algorithms and Ramirez- s : Number of subsystems,

Marquez et al. [12] used max-min approach for a

series-parallel RAP. In all presented studies, two 7% :

issues are obvious. First in all mentioned works,
the redundancy strategies of subsystems are pre-
defined. Tillman et al. [16] reviewed 144 pa-
pers in this area and only 14 papers worked on
cold-standby strategy. Considering redundancy
strategy as system variable is one way to draw
RAP nearer to real situations that Coit [4] car-  z;
ried out. The second issue is that redundancy

allocation is considered as the only way to in-

crease system reliability. Tian et al. [14] pre- Z:

sented a new approach for optimizing system reli-
ability. Their approach was based on redundancy
optimization and effective on performance rates
of system components. They also presented a
common reliability-redundancy optimization. In
this paper, we considered four bases for reliability
optimization problem; the number of redundant
components in each subsystem, type of redundant
components in each subsystem, redundancy strat-
egy of each subsystem, and technical and organi-
zational activities. The last base affects failure
rate of a single component or all components of a ki j
subsystem. Chern [1] proved that RAP belongs

to Np. Hard problems and after that many re- C':

searchers used metaheuristic algorithms for solv-
ing this problem. Coit and Smith [2] used genetic
algorithm for solving a series-parallel RAP. Gen
and Kim [6] used a GA-based hybrid algorithm.
Kulturel-Konak et al. [7] used Tabu search al-
gorithm. Liang and Smith [8] used ant colony
algorithm and Liang and Chen [9] used variable
neighborhood search algorithm for solving RAP.
In this paper, we used MA (Memetic Algorithm)
for solving an RAP. The paper is divided into pi
five sections. The second part defines the prob-
lem. Third section deals with solving method and
in fourth part, we present a numerical example.
The last section is conclusion and further studies. tk;

Ck‘hij .

m; :

The parameters that we used in this paper are:

Number of components in subsystems i,

NMaz,i : Upper bound of allocated compo-
nent in subsystem 1,

Number of available components in subsys-
tem 1,

: Selected component index in subsystem 4,

zi€(1,2,...,my),

Set of z;, Z = (21, 22, ..., 2s),

: Operation time,

R (t,z,n) : System reliability at the time ¢
for design vector z and n,

R(t,z,n) : An estimate for R (t,z,n) :,

7;; (t) : Reliability of j ' component type in
subsystem ¢ at the time ¢,

i . Shape parameter of Gama p.d.f,

: Scale parameter of Gama p.d.f,

Maximum acceptable cost of the system,

: Maximum acceptable weight of the system,
. : Cost of j ¥ component in subsystem 7,

: Weight of j ** component in subsystem 4,

pi (t) : Continuous detect switch in subsys-
tem ¢ at the time ¢,

: Failure detect switch in subsystem ¢,

tkh;; : Binary variables related to technical
activities of ;jsty component in subsystem 17,

: Binary variables related to organizational ac-

tivities of components in subsystem i,

Cost of technical activities of jsty component
in subsystem 1,
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ck; : Cost of organizational activities of com-
ponents in subsystem i,

1 ;i Perfect switch

pi (t) ; Switch reliability at
o; (t,7) = . time t

,02_1 ; Switch active when

a defect causes

2.2 Basic mathematical model

The mathematical model presented by Coit [4] is
as follows:

max R(t, z,n)
S
s.t > cizni < C,
i=1
S wizn; < W (2.1)
€ (15 27 s >nmax,i)
S (1, 2, ,ml)

The system reliability in objective function of
equation 2.1 depends on switch type and calcu-
lated using equations 2.2 (for continuous detect-
ing switch SP1) and (for failure reacted switch
SP2).

Rtz = [ - o)
JICROR H{ 0
€S
7:;10/91 )iz (t—u) du} (2.2)
R(t,zn) = [[{1 = (1 —riz 0)™}

€A

< ] rie 0 < T
=N

€S

ni—l t )
£ X [ 12 i - waa}
Jj=1 0

(2.3)

In equations 2.2 and 2.3, f,fzz (t) is the sum of
j time failure of z; * component in subsystems.
Parameter A defines the set of subsystems with
active redundancy strategy, parameter S refers to
the set of subsystems with cold-standby redun-
dancy strategy and N refers to the set of a sub-
system with only one component (No redundancy
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strategy). Coit approximated the system reliabil-
ity as follows:

R(t,z,n) H{l_ —Tiz (£)™}
€A
X H iz () X H {rl 2z () +0i (t,n;)
=N €S
ki,zini—l ()\ t)l
X exp (=i t) Y zv} (2.4)
l:ki,zi
ki .. —1
N >\2 2t :
Tiz (1) = exp (=i zt) ( l'l ) (2.5)

Example 2.1 For clarifying this system, Fyffe
et al. [15] example has been solved. The presented
system contains 14 subsystems and for each sub-
system 8 or 4 different component types are allo-
cated.

The parameter of components and k-Erlang dis-
tribution can be found in Fyffe et al. study [15].
The object is to maximize system reliability in
100 hours working time. The upper limits of sys-
tem cost and weight are C' = 130 and W = 170.
The system has a continuous detecting switch and
the switch reliability in 100 hours working time
is considered asP = 0.99. The maximum number
of components in each subsystem is 6 and two ac-
tive and cold-standby redundancy strategies are
available for each sub-system. The optimal solu-
tion presented for only Active strategy that pre-
sented in Fyffe et al. (1968) is R = 0.9700, only
cold-standby strategy that presented in Coit [10]
is R = 0.9863, considering redundancy strategy
as the system variable [3] is R = 0.9875 and the
results that presented by Tavakoli-Moghaddam et
al. [13], using a hybrid GA R = 0.9705.

2.3 Technical and organizational ac-
tivities

These activities affect components performance
rate and decrease their failure rate. These activ-
ities are presented as follows.

2.3.1 Technical activities

This activity effects components of the subsystem
individually and its cost depends on the number
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of affected components. Parameter tkh;; is a bi-
nary variable. If the value of this parameter is
equal to 1, the technical activity will be done on
component type j in subsystem i.

2.3.2 Organizational activities

This activity effects all components of the subsys-
tem and its cost is fixed and does not depend on
the number of affected components. Parameter
tk; is a binary variable. If the value of this pa-
rameter is equal to 1, the organizational activity
will be done on all components in subsystem 4.

We add these activities to the basic model to
draw the RAP nearer to real situations.

2.4 Assumptions

e System consists of s serially connected sub-
systems and the components in each subsys-
tem are parallel,

e Only one type of components can be allo-
cated to each subsystem,

e Redundancy strategy of each subsystem is a
system variable and can be active or cold-
standby,

e All components are binary, non-repairable
with k-Erlang distribution,

e All system parameters are fixed and pre-
defined,

e Components failures are independent,

e Technical and organizational activities effect
components failure rates.
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2.5 Mathematical model

The presented mathematical model is as follows:

max R (t,z,n)
S
s.t : Z {ni(cizi
=1

+Cl€hizi.tkhizi) + Cki.tki} < C,
S

Wiz;.ng < W
i=1
Niz; = Niz; (1 — Bi.tk;)
0 < ni < Nmaxgi, 2i =0, Ay >0,
thhi; =0, 1, th; = 0,
Li=1,2,...,8,j=1,2 ...,m

(2.6)

In Equation 2.6, parameters ., and 3; are the
technical and organizational activities influencing
on components failure rates. These parameters
are constant and their values are «; ., = 0.3 and
Gi=01fori=1,2,...,s.

Example 2.2 In this example we add technical
and organizational activities to example 2.1. The
cost of technical and activities are presented in
Table 1. The other problem parameters are simi-
lar to problem 2.1 parameters.

Memetic algorithm

One of the most popular methods in RAP is GA.
Memetic Algorithm (MA) is an algorithm com-
bining GA with a local search, i.e., GA + Local
search=MA. The pseudo code of MA is shown in
Figure 1.

In GA, after producing initial population, the
roulette wheel is used for selecting parents with
crossover operator. Also the mutation operator
on initial population makes some offspring and
then the new generation replaces the old one and
this process repeats until algorithm meets the
stop condition. Memetic local search attempts
to achieve the solutions which have the weight
and cost close to the boundaries of its constraints.
These solutions have the better objective func-
tions than the other solutions. In local search
at first the subsystems have been ranked based
on their reliabilities. The first rank allocates to
the subsystem with the lowest reliability and the
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Table 1: Cost of technical and organizational activities.

i ckhii ckhio ckh;s ckhiy ck;

1 0.3333 0. 3333 0.6667 0.6667 2.5000
2 0.6667 0.3333 0. 3333 - 2.7500
3 0.6667 1.0000 0.3333 1.3333 2.5000
4 1.000 1.3333 1.6667 - 2.0000
5 0.6667 0.6667 1.0000 - 2.0000
6 1.0000 1.0000 0.6667 0.6667 2.5000
7 1.3333 1.3333 1.6667 - 3.0000
8 1.0000 1.6667 2.0000 - 2.5000
9 0.6667 1.0000 1.3333 1.0000 2.7500
10 1.3333 1.3333 1.6667 - 2.5000
11 1.0000 1.3333 1.6667 - 2.7500
12 0.6667 1.0000 1.3333 1.6667 3.0000
13 0.6667 1.0000 0.6667 - 2.0000
14 1.3333 1.3333 1.6667 2.0000 2.5000

st rank to the subsystem with the highest reli-
ability. Each subsystem randomly selects an im-
proved policy based on its rank. There is two dif-
ferent improved policies. The flowcharts of these
two policies are presented in figures 2 and 3. In
this flowchart, n is the number of subsystem com-
ponents.

Using these two types of improved policies, the
obtained solutions are equal or better that the
old ones. The ranges of MA parameters are pre-
sented in Table 2 and the results in Table 3. Also
the results of RSM are shown in figures 4, 5 and
the optimal parameters are presented in Figure
6. In this tables and figures, npop refers to the
population size, Po is the crossover probability
and Py is the mutation probability.

Improved policy type 1

In this type of improved policy, the algorithm at-
tempts to improve the subsystem reliability first
by redundancy allocation and then by technical
and organizational activities.

Improved policy type 2

In this type of improved policy, the algorithm
attempts to improve the subsystem reliability
first by technical and organizational activities and
then by redundancy allocation.

3 Response surface methodol-
ogy

RSM! is a set of statistical methods for improv-
ing and optimizing processes. In this method,
the response of a process is optimized by altering
some input parameters. We used this method to
optimize the algorithm parameters. The ICA al-
gorithm has 5 parameters, so for parameter tun-
ing of algorithm we need 2* = 16 corner points,
2 x4 = 8 axial points, and 5 central points. Using
RSM, 28 combinations of parameters are consid-
ered and the stop condition of algorithm is 200
iterations. The parameter boundaries and opti-
mal parameters are presented in Tables 2 and 3.
Based on RSM, the optimal parameters are found
as npop = 100, p. = 0.5, n,, = 0.3.

! Response surface methodology
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Parameter Setting (number of iteration, Pop Size,
Selection Strateqy, Crossover Size, Muiation Size)

Best solution =[]

Forl = 1 to number of Pop Size do
Population () =Randomly

Fitness Population (I) =evaluate (Population (1))

Individual of Population (I) = local-search
(Population (I))

End
Forit = ] to number of iteration do
Forl =1 to number of Crossover Size do

Parents=Roulette wheel Selection (Population)
Childs of Crossower = Crossover (Parents)

Fitness Childs of Crossover=evaluate (Childs of
Crossover)

Individuals of Crossover = local-search (Childs of
Crossowver)

End

Forl = 1 to number of Mutation Size do

x = Roulette wheel Selection (Population)
Childs of Mutation = Mutation (x)

Fitness Childs of Mutation =evaluate (Childs of
Mutation}

Individuals of Mutation = local-search (Childs of
Mutation)

End

Population = merge (Individuals of Population,
Individuals of Crossover, Individuals of Mutation)

Update (Best solution)

End

Figure 1: Pseudo-code of MA
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I the consiraints
satisfied?

Is the technlcal
activity done ?

Active the technical scivity

15 the constraints
satisfied?

| Deactive the technical activity |

| actwethe organaational activity

is the consiraints Tes
satisfied?

Mo

Deactive the organizational acthety

Figure 2: Improved policy type 1
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Is the technical
activity done?

Auctive the technical activity

Isthe constraints
satisfied?

Deactive the technical activity

Yes
k. J
ictive the arganizational actiity 5';9 I‘—
Isthe constraings Yes
satisfigd?
Ha

Deactive the organizational scity

I3 he constraings
satisfied?

Figure 3: Improved policy type 2
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Term Coef SE Coef T P
Constant 0.937528 0.042039 22.301 0.000
npop -0.000045 ©0.000342 -0.131 0.899
pc 0.144293 0.147731 0.977 0.357
FM 0.105181 0.0&8014 1.546 0.1861
npop*npop 0.000001 0.000002 0.446 0.6867
pc*pc =0.085952 0.121159 =-0.709 0.498
PM*EM 0.014048 0.121159 0.116 0.911
npop*pc -0.000050 0.000282 -0.177 0.8B64
npop*FM -0.000080 O0.000282 -0.284 0.784
pc*PFM -0.162500 0.070513 =2.305 0.030

S = 0.00199441 PRESS = 0.000259747

R-5gq = 56.24%

Figure 4: Memetic estimated regression coeflicients forR (t)

Analy=is of Variance for RE{t]

Source DF Seg 38  Adj 88 Adj HS F P
Regression § 0.000041 0.000041 0.000008 1.14 0.431
Linear 3 0.0000107 0.000017T 0.000006 1.43 0.303
PP L 0. 000008 0000000 O0.000000 O.02 O.599%
pe L O 000002 0000004 O.000004 0.5 0.357
FM 1 ©.00000% 0.000010 0.000010 2.3% 0.161
Squarwe 3 0.000002 0.00000Z 0.0000001 0.18 0.50%
NEep ™ RGop 1 0000000 0000000 0.000001 O0.20 0.66T
=1l =1 1 0000002 0.00000Z 0.000002 O.50 0.49%6
FH* P 1 0000000 O.0D0RI0 O0.000000 O.01 D.911
Interaccion 3 0000022 D.0DO0EE O.000007 1.8H1 0.274
Rpop*pe 1 0.000000 0.000000 O0.000000 0.03 0.564
npep® B 1 0. 000000 0.000000 0.000000 O.08 0.784
j=ttell 3 | 1 0000021 0.00002E 0.000021 5.31 0.050
Eesidisal Excor & O.000032 0000032 O0.000004
Lack=of=-Fit 5 0.00000% O.00001% OQ.000004 O.86 O.589%
Pure Error F 0.000003 0000013 O0.000004
Total 17 0. 000073

Figure 5: Memetic analyses of variance forR (t)
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Table 2: Memetic parameters range.

Lower value Upper value
npop 50 100
P, 0.5 0.7
Pm 0.1 0.3

Table 3: Optimal values of Memetic algorithm.

npop Pc Pm R(t)

50 0.5 0.1 0.9872
100 0.5 0.1 0.9920
50 0.7 0.1 0.9942
100 0.7 0.1 0.9947
50 0.5 0.3 0.9946
100 0.5 0.3 0.9948
50 0.7 0.3 0.9913
100 0.7 0.3 0.9948
50 0.6 0.2 0.9942
100 0.6 0.2 0.9949
75 0.5 0.2 0.9939
75 0.7 0.2 0.9924
75 0.6 0.1 0.9942
75 0.6 0.3 0.9941
75 0.6 0.2 0.9933
75 0.6 0.2 0.9940
75 0.6 0.2 0.9936
75 0.6 0.2 0.9895

Table 4: Memetic parameters range.

tkh
) Zz T, RS 11 ig 13 14 tkl
1 3 2 C 0 0 1 0 0
2 1 2 C 1 0 0 0 0
3 3 2 C 0 0 1 0 1
4 2 2 C 0 1 0 0 0
) 2 3 A 0 0 0 0 0
6 3 2 C 0 0 1 0 0
7 2 2 C 0 1 0 0 0
8 3 2 C 0 0 1 0 0
9 2 2 C 0 0 0 0 0
10 2 2 C 0 1 0 0 1
11 2 2 C 0 0 0 0 1
12 3 2 C 0 0 1 0 1
13 2 2 A 0 0 0 0 1
14 1 2 C 1 0 0 0 0
R(t) = 0.9917 \ \ w = 165 \ \ c=129.25

4 Problem solving

Using optimal parameters of MA, we solved ex-
ample 2.2 and the results are presented in Table
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: npop
DP‘tE:lmal High [1-'??'?

‘_n_:r Idld Ild:
0.68340 | oy 50,0

Lol
0.10°

Composite
Desirability
0.68340

RIt}
Mazdimum
vy =10.9959
d = 0.68340

Figure 6: Memetic optimal parameters

4. The optimal solution with technical and or-
ganizational activities is R (100) = 0.9917 that
is better than the optimal solution without using
these activities.

5 Conclusion and further stud-
ies

In this paper, we showed that adding techni-
cal and organizational activities increases the
reliability of the system besides other technics
like redundancy allocation. In other word, in
a series-parallel system not only redundancy al-
location can increase the system reliability, im-
proving the components performance rate is a
helpful way, too. In example 2.2, after adding
technical and organizational activities, the op-
timal solution increases from R (100) = 0.9875
toR (100) = 0.9917. For further studies, other
metaheuristic algorithms can be used to get bet-
ter solutions. Also these activities can be added
to other models to evaluate their effects.
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