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3, autoregressive integrated moving average
4, Feed Forward Neural network
5. back propagation
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Dcpendent Variable: INDEX1

Method: Least Squares

Date: 12/17/04 Time: 05:53
Sample(adjusted): 1/02/1375 7/16/1380

Included observations: 1445 after adjusting endpoints
Convergence achieved after 4 iterations

Variable Coefficient Std. Error t-Statistic Prob.

c 1364.352 173.1465 7.879756 0

AR(1) 1.002061 0.000316 3175.436 0
R-squared 0.999857 Mean dependent var 2240.011
Adjusted R-squared 0.999857 S.D. dependent var 719.6401
S.E. of regression 8.611217 Akaike info criterion 7.145392
Sum squared resid 107002.9 Schwarz criterion 7.152694
Log likelihood . ~5160.545 ) F-statistic 10083392
Durbin-Watson stat 1.419903 Prob(F-statistic) 0
Inverted AR Roots 1

Estimated AR process is nonstationary

R1 Jaw oad S Sl 4ods Y Joons

Change Statistics
Adjusted R
R R Std. Error of Square F Sig. F
Model | R Square | Square the Estimate Change Chan; df1 df2 Change
1
| 1.000) |1 1 8.11964 1 2255723 | 5 1430 |o
a_Predictors: (Constant), VAR00010, VAR00001, VAR00005, VAR0O0008, VAR0O0003
95%
Ur dized dized Confidence
Coefficients Coefficients Interval for B
Std. Lower | Upper
Model Error Beta t Sig. Bound | Bound
1 (Constant) | 4 o075 | 0.722 -1.489 0.137 -2.491 | 0.341
VARO0001 | 6044 | 0.017 -0.043 2652 | 0008 |-0.077 [-0.011
VAR00003 | 5 007 | 0.027 -0.007 0265 | 0.791 -0.06 | 0.046
VARO0005 | 049 | 0.023 0.048 2.07 0.039 0.003 | 0.095
VARO0008 | 478 | 0.023 0.177 7716 | o -0.224 | -0.133
VARO0010 | 4 18> | 0.018 1.179 72249 |0 1.15 | 1.214
a_Dependent Variable: VAR00011
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Change Statistics
Adjusted - ) R B
R R Std. Emorof | Square |F . Sig. F
Modsl | R Square | Square | the Estimate | Change | Change | df1 df2 Change
T l1000)_ |1 1 8.1738 1 3813095 | 3 1442 |o
a Predictors: (Constant), VAR0000S, VAR00001, VAR00003
Unstandardized Standardized 95% Confidence
Coeflicients Coefficients Interval for B
Sid. Lower Upper
Model B Error Beta t Sig. Bound Bound
1 | (Constant) | 4533 |74 2158 (0031 |-2927 |-0.14
VAR00001 | 9008 | 0016 | -0.008 0512|0600 |-0041 0024
VARDO003 | 0186 |0.027 | -0.185 6961 [0 0239 |-0.43
VARDOOOS | 1195 | 0016 | 1.1%3 72,858 | 0 1164 | 1.228
- i
R3 o o 415 OLMb! 4ods -0 Jgue
Cha Statistics
Adjusted R
Model | R g& & oyl oo o |om | g
L | Square | the Estimate | df2___| Change |
| 1.000) |1 1, 8.11964 1 2255723 | 5 1430 |o
anwmm@mggwmwmwmmuwmwmwmwm%g?w
Unstand Standardized Confidence
Coefficients Coeflicients Interval for B
Std. Lower | Upper
Model B Emor | Beta t Sig. Bound
1 (Constant) | 4 075 | 0.722 1489|0437 | -2401 | 0341
VAROOOOT | 5044 {0017 | -0.043 2652 (0008 |-0.077 [-0011
VAROD003 | 5007 | 0027 | -0.007 0265 |0791 |-006 |o0.046
VARO000S | 0049 | 0023 | 0.048- 207 [00% |0003 |0.005
VARDOO08 | 4478 .( 0.023 (-0.477 776 - |0 0.224 | -0.133
VAR00010 | 1482 [ o0.018 | 1.170 72249 |0 115 | 1.214
a_Dependent Variable: VARO0O11
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Predicting Tehran Securities Stock Index By
Using Neural Networks

Mir Feiz Fallahshams (Ph.D.)*
Bita Delnavaz Asghari (M.A.)

Abstract

The size and process of the stock price indices are among the
most important factors affecting the decisions of the investors in
the financial markets. In order to predict the market, different
techniques have been used, the most common of which are
regression methods and ARIMA models. However, these models
have been unsuccessful in the practical prediction of some series.

In the present research, in order to predict the total index of the
stock, the Feed Forward Neural Network model with the law of
back propagation was used in three networks with different input
models, and the results of the model were compared to the result of
multi — variable regression models and ARIMA models.

The results indicated that the neural network method showed
considerably fewer RMSE errors than RMSE errors in other
methods, and that in Tehran stock market short — term prediction
within a shorter interval is more suitable than long — term
prediction within a longer interval.

Key Words:
Stock Index, Prediction, Neural Network, Time Series



