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A Non-deterministic CNN-LSTM Hybrid Model for Bitcoin
Cryptocurrency Price Prediction

Ali Alijamaat ' and Seyed Mohsen Mirhosseini ¥

Abstract

In today's society, investment diversity has become very important. People reduce
investment risk by diversifying their portfolios. Bitcoin has gained much
popularity as one of the digital capitals and has been included in the investment
portfolio of individuals and institutions. Bitcoin price prediction is essential for
determining price trends and transactions. For this purpose, various traditional
methods as well as methods based on machine learning have been presented, each
of which has its own advantages and disadvantages. Recently, the use of hybrid
models has received attention. Combined methods have good efficiency and use
the advantages of combined techniques. This paper presents a hybrid method
based on a deep convolutional neural network and recurrent neural network with
probabilistic dropout. Eliminating possible randomness leads to the regularization
of learning, avoids overfitting, and reduces model error. The results of the
experiments show that the proposed method has a higher accuracy than the
compared methods in predicting the price of Bitcoin.
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