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e  Using the cubic window in the stage of embedding the proposed algorithm.

e  Spatial partitioning of the HSI cube and reduction of computational complexity for Singular Value Decomposition
(SVD).

e  Extraction of effective spectral-spatial features using the proposed algorithm.
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Figure 2. Classification maps of the Indian Pines data set: (a) Pseudo-color image, (b) Ground-truth, (c) SVM, (d) PCA, (e) SSA, (f) EAP,
(9) Gabor, (h) EPF, (i) CNN-SVM, (j) 2D-SSA, (k) Proposed method
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Table 5. Classification accuracy (%) of different methods for the Pavia University dataset
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Figure 3. Classification maps of the Pavia University dataset: (a) Pseudo-color image, (b) Ground-truth, (c) SVM, (d) PCA, (e) SSA, (f)
EAP, (g) Gabor, (h) EPF, (i) CNN-SVM, (j) 2D-SSA, (k) Proposed method
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