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Abstract:

In the past decade, the use of deep learning for image-processing task has gained significant popularity. This method has
also attracted national and international attention in the field of cultural heritage protection and recognition. However,
some issues such as the lack of necessary databases, the costs of creating a new dataset, the complexity of working with
deep neural networks, and the need for expensive hardware resources have limited attention to this issue. The present
research has provided a database of Iran’s remaining caravanserais using a database of satellite images and a deep
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learning-based image processing technique. To this end, a database consisting of geolocation and satellite images of 203
Iranian caravanserais has been created. Then, the YOLOVS5 object detection algorithm has been trained on this database
using the transfer learning technique. To evaluate the performance of this network, 25 new images from the environment
around some caravanserais were selected and tested using the sliding window technique and the trained weights. Finally,
the accuracy of the proposed algorithm was calculated mAP_0.5 43.91%. Therefore, the current method can be useful for

cultural heritage experts in recognizing the remaining locations.

Keywords: Deep Learning, Carvansarai, Satellite Images, Complex neural Network, YOLOv5 Algorithm.
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