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Abstract:

Image forgery is one of the most widely used fields in image processing, which has been widely studied and studied by
researchers. There are different types of digital image forgery, copy-move forgery is one of the common examples, and
it is very important to recognize this type of forgery. In this review article, while introducing the concepts of copy-move
image forgery, the steps, classification of detection methods and research bias in this field have been discussed. This
article can open the way for image processing researchers in the process of detecting copy-move forgery. The authors'
effort has been to explore all aspects of this process.
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