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Article Info Abstract
Article type: In this paper, we propose a modification to the use of the risk aversion
Research Article coefficient in optimization models, based on research literature and

) ) mathematical methods. The modified risk aversion coefficient introduced in this
Ffégteli?/!e%hcl)gt%)::zox paper can be applied in the maximization part of the model without any adverse
Accepted': 19 May 2024 _effe_cts._ By do!ng S0, it can improve the accuracy of meta-heuristic algorithms

in finding optimal solutions. To test the efficacy of our proposed model, we
applied it to 30 shares of the Tehran Stock Exchange, along with a zero-risk
asset, taking into account some limitations in the market. We used a genetic
Keywords: » meta-heuristic optimization method to solve the model, and to measure its
gglr(tfo?;lsmOnop(ic(i)r?\fileg':ieonr:' efficiency, we compared the results of the optimization process with 2500
genetic algorithm,  randomly generated portfolios that were within the problem’s constraints. Our
constrained  optimization, results show that our model outperforms the random portfolios in terms of both
Tehran Stock Exchange risk factors and return. In conclusion, our proposed modification to the risk
aversion coefficient can improve the accuracy of optimization models, and our
results demonstrate its effectiveness in generating optimal portfolios in the
market.
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