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2 * precision * recall

F — measure =
precision + recall QY]
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F-measure Blood Jml Yeastl | Abalonel9 | Winequality-red-4
Smote+C4.5 71.37 82.59 77.06 97.75 93.73
SDSmote+C4.5 78.2 85 77.59 98.82 95.41
SDCurveSmote+C4.5 79.76 85.24 78.17 98.82 95.41
Smote+Bagging 75.21 84.64 80.89 98 95.22
SDSmote+Bagging 80.39 86.07 81.06 98.97 96.25
SDCurveSmote+
81.66 86.16 81.02 98.96 96
Bagging
Smote+Adaboost 71.78 66.49 72.94 84.56 73.68
SDSmote+Adaboost 73.99 71.58 69.94 92.5 80.59
SDCurveSmote+
74.56 82.28 70.51 92.51 84.56
Adaboost
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Abalone
G-mean Blood Jml Yeastl 19 Winequality-red-4
Smote+C4.5 72.42 82.23 77.01 97.75 93.67
SDSmote+C4.5 79.26 84.94 76.26 98.82 95.38
SDCurveSmote+C4.5 80.46 85.17 77 98.82 95.39
Smote+Bagging 75.54 84.53 80.57 98 95.18
SDSmote+Bagging 81.09 86.2 80.49 98.7 96.23
SDCurveSmote+
) 82.3 86.31 80.45 98.6 95.99
Bagging
Smote+Adaboost 69.9 67.23 73.18 84.1 73.05
SDSmote+Adaboost 73.55 69.44 71.14 92.71 79.65
SDCurveSmote+
74.98 69.91 71.75 92.73 84.02
Adaboost
Winequality
AUC Blood Jm1l Yeastl Abalonel9
-red-4
Smote+C4.5 72.44 82.25 77.01 97.76 93.69
SDSmote+C4.5 79.3 84.94 76.44 98.82 95.38
SDCurveSmote+C4.5 80.49 85.17 77.15 98.82 95.39
Smote+Bagging 75.54 84.53 80.58 98.01 95.19
SDSmote+Bagging 81.11 86.2 80.52 98.97 96.23
SDCurveSmote+Bagging 82.32 86.31 80.45 98.96 96
Smote+Adaboost 69.99 67.23 73.18 84.38 73.07
SDSmote+Adaboost 73.56 69.64 71.16 92.95 79.81
SDCurveSmote+Adaboost 74.99 70.09 71.77 92.97 84.79
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F-measure G-mean AUC

Smote+C4.5 84.43 84.52 84.54
SDSmote+C4.5 86.93 86.85 86.9
SDCurveSmote+C4.5 87.39 87.28 87.31
Smote+Bagging 86.71 86.68 86.68
SDSmote+Bagging 88.45 88.5 88.51
SDCurveSmote+Bagging 88.66 88.71 88.72
Smote+Adaboost 73.6 73.25 73.33
SDSmote+Adaboost 77.48 77 77.12
SDCurveSmote+Adaboost 78.63 78.34 78.47
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AUC Jlas A IS2 cpos p 0051 b (g s 5o
aib 2wl OF 3 oS ol skl Bagging A i 4 by e
SdSmote 5 Smote .. s lslee sl CA5 uy

3,05 55> 5 SdCurveSmote s Smote . pioean

Pairwise Comparisons

SmoteBagaing
1.27

SDCurveSmoteBagaing
2.37

\gis\ggleaaggmg

Each node shows the sample average rank

Test Std. Std. Test .
SamplalSamples Stuinoe || Door Statistic Sig Adi-Sig:
SmoteBagging-
suc.,weégmnleﬁaggi"g -1.096 196 -5.589 {alals] 000
SD! i -1.096 196 -5.589 {alalu] {afale]
SDCurveSmoteBagging-
SDSmoteBagging ooo 196 ooo 1.000 1.000

Each row tests the null hypothesis that the Sample 1 and Sample 2 distributions are the
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Asymptatic significances (2-sided tests) are displayed. The significance level is .05
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