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' Bankruptcy Prediction

¥ Credit Scoring

¥ Risk Assessment

¥ Business Evaluation

® Business Startup Area

* Support Vector Machine (SVM)
¥ Random Forest (RF)

* Least-Squares

* Autoencoder

' Softmax
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" Logistic Regression (LS)

'Y Decision Tree (DT)

'™ Artificial Neural Network (ANN)
'* Supervised Learning

'* Credal Decision Tree (CDT)
> Area Under the Curve (AUC)
" Precision

' K-Nearest Neighbor (K-NN)
'* Gradient Boosting

' Deep Learning (DL)

" Multilayer Perceptron

" Deep Belief Networks (DBN)
" Unsupervised Learning
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* Gradient Boosting Decision Tree
' Electronic Data Delivery System
" Central Bank of the Republic of Turkey
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" https://github.com/haddadihamed/Entrepreneurship-Fund-Dataset/blob/main/tabrizdataset.xlsx
** Feedforward Neural Network

* Convolutional Neural Network (CNN)

" Deep Autoencoder

™ Long Short Term-Memory
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™ Feed Forward

™ Backpropagation

** Error Function

*® Fully Connected Neural Network (FCNN)
* Overfitting

™ Dropout

™ Batchnormalization
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* Sigmoid Function
¥ Tanh Function

" Relu Function

™" Softmax
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Proposed Network

2 Data Preprocessing

1 Database Collection

Training Data

Application of the Proposed Method

Automatic Feature Extraction
and Classification
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** Cross Entropy
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