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1. LBsNs

2. check-in

3. Point-of-Interest(POI)
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1 representation

2. POl embedding
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1 Convolution Neural Network(CNN)

2_C-Means Clustering :
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- dot product

- Batch normalization
- mini-batch

- standard deviation

- mean of zero ofone

o g~ WN

- vanishing gradient
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- backpropagation of errors

- Fully-Connected layer (FC)
- gradient descent

- overfitting

- flatten

- fitting

N OO o B~ WODN -

- dropout
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