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* Natural Language Processing (NLP)
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* Attention
* Graphics Processing Unit (GPU)
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° Batch Normalization
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Algorithm 1. The proposed convolutional network model
Data:Tinputimages[ly, I,, ..., I,], Tinputtext [T}, T, , ..., T,,], Ttargetlabel [I4,1,, ..., 15]
Trained CNN weight matrices
While epochr: 1 - R do
Begin
While training image number i: 1 — I and training text numbert: 1 — T do
Begin
Compute theJ hidden activation matrices Z1,..., ZJ
Compute errory, — a
Back-propagate errorto compute
Cross entropygradient VoE (6)
Update network parameters 0
Using gradient descent
Compute Slides
Compute Slides
End
End
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' Back propagation
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