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Algorithm 1: Multi Label Online Stream Feature Selection

Input:

L:the class labels
f.: the new arrival feature in time t

Output:

R: the set of final selected features
Do
//phase 1: relevance
Get new arrival feature f,
Rel(f, L) = EhELl[ftJ 1)

If Rel(f, L) = 0

S « SU{f}

End if
//phase 2: redundancy
Rel(5,L) = Ef,—es EIjEL I(fi.1;)
10. Max-relevancy < Rel (S,L)
11. Max-size £ size(S)
12.  R<{}
13. Rel(R,L) =0
14. While Rel (R,L)< Max-relevancy and size(R)<Max-size

I A R

15. For each feature fin s

16. Compute effectiveness f based on Eqg. (28)
17. End for

13. A<= Select the feature with maximum effectiveness
13. R<-RUA

20. S€5/ A

21, End while
22.  Until there is no new arrival feature
23. Return R
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