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Abstract

Introduction: Given the expanding use of artificial intelligence in various fields,
especially in healthcare and sports, it is of great importance to examine how this
technology can be effective in designing more accurate exercise programs and
predicting potential risks. The present study examines the application of artificial
intelligence in prescribing exercise programs for treating patients.

Methodology: In this study, a review and research approach was used, using the
library research method, which was carried out by studying and reviewing articles,
library and online resources on the Google Scholar site, Ganj system, and similar
items.

Results: showed the following results: In the application of artificial intelligence
to prescribe exercise programs for treating patients, the design of the exercise
program must be done carefully and based on the individual needs of the patients.
These programs can include specific exercises that are adjusted according to the
patient's physical condition, medical history and goals. The use of diverse and
comprehensive data, such as medical information, test results and even data related
to daily activities, helps artificial intelligence models identify specific patterns and
provide accurate suggestions.

Conclusion: The safety of the proposed exercise programs is also of great
importance. Algorithms must be designed in a way that minimizes the risk of injury
and updates the programs based on the patient's health status. This requires accurate
and continuous assessments of patient progress and response to exercise. In this
regard, there are several challenges. One of these challenges is related to the
collection and analysis of valid data. Also, ethical issues such as the privacy of
patient information and liability for possible model errors must be considered.
These challenges require careful attention and consideration in order to achieve
effective and safe results in prescribing exercise programs.
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Extended Abstract

Introduction:

Artificial intelligence is a field of computer science
that deals with the development of systems that can
perform tasks that normally require human
intelligence. These systems can analyze data, learn,
and make decisions using algorithms and models. In
other words, Al can use past experiences to solve
new problems and interact with its environment
(Wilson, Hoffman, & Morgenstern, 2017).

Artificial intelligence has emerged as a
transformative technology with applications in
numerous fields and areas. In healthcare, Al enables
accurate diagnosis, personalized treatment plans,
and drug discovery. It helps analyze medical images,
monitor patient data, and predict disease outcomes.
Al-based financial systems enhance fraud detection,
risk assessment, and algorithmic trading (Angwin,
Larson, Mattu, & Kirchner, 2016).

In transportation, Al helps with autonomous
vehicles, traffic  management, and route
optimization. Industries are benefiting from Al-
based automation, quality control, and predictive
maintenance. Al is also impacting customer service,
marketing, and recommendation systems in the
retail sector. In addition, Al is playing a vital role in
natural language processing, virtual assistants, and
language translation. It has even found its way into
entertainment, gaming, and creative endeavors like
music and art production. With its pervasive
influence, Al continues to revolutionize various
fields, fueling innovation and opening up new
opportunities (Kosinski, Stillwell, & Graepel, 2020).

For the past two decades, coaches have been using
data science in sports to help improve their players’
performance. They use big data to help them make
decisions on the field, and rely on sports analytics to
help them land their next big contract
(Suwajanakorn, Seitz, & Kemelmacher-Shlizerman,
2017).

Meanwhile, referees are now using video assistant
technology in football to help them make more
accurate judgments on big decisions, such as
penalties, free kicks and red cards.

Now that artificial intelligence, and deep learning in
particular, is getting involved in this area, the
sporting experience is set to change even more
(Burrell, 2016).

Al can also have a profound impact on the
prescription of exercise programs. By analyzing
personal information such as medical history,
physical condition and personal goals, it can design
precise training programs that are tailored to each
individual’s needs. These programs can
automatically react and update as the patient’s
condition or progress changes (Kosinski et al.,
2020).

Furthermore, using data collected from wearable
sensors, Al can closely monitor sports activities and
identify movement patterns. This monitoring helps
doctors and coaches identify patients’ strengths and
weaknesses and optimize training programs
(Suwajanakorn et al., 2017).

Al can also help predict risks and injuries. By
identifying incorrect movements or excessive strain,
it can provide warnings that prevent injury. This
increases exercise safety and improves patients’
quality of life (Burrell, 2016).

Finally, Al can enhance patients’ motivation and
adherence to exercise programs. By providing
tailored feedback and personalized encouragement,
patients are more motivated to continue their
exercise and get on the path to recovery.

Therefore, Al plays an important role in prescribing
exercise programs for patients. By analyzing
individual data, this technology can create
personalized exercise programs that respond to each
patient’s specific needs and circumstances. For
example, Al can take into account the patient’s
health status, medical history, and treatment goals
and recommend appropriate exercises based on that
(Haenssle et al., 2018).

Using wearable devices and sensors, real-time data
can be collected from a patient’s exercise activities.
This data allows Al systems to track the patient’s
progress and update programs as needed. This
approach can help increase the effectiveness of
treatment and improve outcomes (Burrell, 2016).

Al can also help identify potential risks and injuries.
By analyzing movement patterns, it can identify
incorrect movements and provide suggestions for
correcting them. This helps reduce the risk of injury
and increase safety during exercise (Markoff, 2011).

In addition, this technology can help boost patient
motivation. By providing immediate feedback and
personalized encouragement, patients are more
motivated to continue their training and get on the
road to recovery. Ultimately, Al can help improve
patients’ quality of life and help them achieve
treatment goals (Haenssle et al., 2018).

Examples include voice assistants, self-driving cars,
and software that can make predictions or make
recommendations. The technology is used in many
fields, from medicine and finance to video games
and customer service. In general, Al helps to
perform complex tasks faster and more accurately
(Angwin et al., 2016).
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