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Extended Abstract

Purpose: Machine Learning (ML), as a major subfield of Artificial Intelligence (Al), has emerged as a
critical tool for processing massive, complex, and unstructured data in various sectors. The
digitalization of economic, industrial, medical, and social systems has led to the exponential growth of
data, necessitating advanced intelligent tools for data-driven decision-making. ML, with its capability
to learn from data, adapt to patterns, and generalize predictions, has become a central pillar of modern
computational systems.

Despite substantial progress and widespread application of ML in domains such as computer vision,
natural language processing, medical diagnostics, recommender systems, predictive maintenance, and
cybersecurity, the field still faces several fundamental challenges. These include the absence of
standardized frameworks for algorithm selection tailored to specific tasks, the lack of model
interpretability, the dependency on high-quality labeled data, and ethical concerns regarding fairness,
privacy, and accountability.

This study aims to provide a comprehensive, structured, and analytical review of the foundations,
algorithms, challenges, and future directions of ML. Special focus is placed on the algorithm selection
process, identifying critical gaps in the current research landscape, and establishing a link between
theoretical advances and real-world applications. The goal is to create a unified and practical perspective
for researchers, industry professionals, and decision-makers engaged in the design and deployment of
ML systems.

Research methodology: This study adopts a systematic literature review approach, supplemented by
documentary analysis, to comprehensively investigate the conceptual foundations, algorithmic
structures, implementation challenges, and practical applications of machine learning (ML). The
research design follows a structured and rigorous process to ensure both depth and breadth in
understanding the evolution and current landscape of ML technologies.

Scientific data and resources were gathered from reputable academic databases and specialized
websites, with an emphasis on peer-reviewed articles, technical reports, and review papers published in
recent years. The selection of literature was guided by a targeted set of keywords such as Machine
Learning, Algorithm Selection, Model Interpretability, and Al Applications to ensure relevance to the
research questions.

To enhance validity and reliability, the study applied a triangulation strategy, drawing from multiple
sources and comparing perspectives from both academic and industrial contexts. A thematic analysis
was conducted to categorize the literature into five focal areas: (1) historical and theoretical foundations,
(2) algorithm classification and performance metrics, (3) model selection frameworks, (4) operational
and ethical challenges, and (5) future research directions.
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The process of analysis involved critically reviewing existing frameworks and synthesizing insights
from various studies to identify both convergence and divergence in viewpoints. By doing so, the study
attempts to uncover underlying gaps, emerging trends, and actionable strategies that can guide future
innovations in the field. While the paper is fundamentally a literature review, its analytical lens aims to
offer added value through integration, comparison, and synthesis of diverse scholarly and technical
contributions.

Findings: The study reveals that, despite significant technological improvements in ML, several major
obstacles hinder its full utilization. Among them are issues related to poor data quality, imbalanced or
incomplete datasets, noise sensitivity, and computational resource demands. Moreover, hyperparameter
tuning remains a resource-intensive task requiring domain expertise, making it difficult for non-expert
users to implement ML models effectively.

A key finding is the lack of interpretability in complex models, especially deep neural networks, which
makes it difficult for stakeholders to understand and trust the model’s decisions. This becomes
particularly problematic in sensitive fields such as healthcare, finance, and legal systems, where
accountability and transparency are essential.

In addition to technical limitations, ethical and societal concerns also play a crucial role. These include
algorithmic bias, data privacy violations, and the opaque nature of decision-making processes. The lack
of standardized ethical guidelines and governance frameworks further complicates the responsible use
of ML technologies.

To address these challenges, this paper proposes several directions: (1) developing self-supervised
learning models that reduce reliance on labeled data, (2) designing lightweight and energy-efficient
algorithms suitable for real-time applications, (3) implementing explainability frameworks to enhance
model transparency, and (4) promoting hybrid learning approaches that combine the strengths of
supervised, unsupervised, and reinforcement learning. The integration of these methods can improve
model generalization, robustness, and real-world applicability.

Originality/scientific added value: Although the present study is conceptual and review-based, it
contributes to the existing body of knowledge by offering a critical and structured synthesis of diverse
research findings. Unlike traditional reviews that focus solely on technical aspects, this work bridges
the gap between theoretical development and practical implementation, especially in the context of
industrial engineering and management systems.

One of the distinguishing features of this research is its emphasis on the algorithm selection problem,
which has received limited attention in previous reviews. By categorizing and comparing existing
algorithm selection frameworks, this study helps stakeholders make more informed decisions when
implementing ML models in various domains.

Additionally, the study incorporates insights from industrial applications and emerging technologies to
highlight unresolved issues and future research needs. This integrative approach provides a more
realistic understanding of the state-of-the-art in ML and offers practical recommendations for
researchers, engineers, and policymakers.
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