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! serial correlation
2 nonstationary

% spatio-temporal
* fuzzy rule-based
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® Counterpropagation fuzzy-neural network (CFNN)
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! Multilayer perceptron networks (MLP)

2 Time-lagged feed forward network (TLFN)
% Recurrent neural network (RNN)

* Radial basis function (RBF) network

® Time Delay RNN
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" time-lagged feed forward neural network
8 pseudo-dynamic

® Recurrent neural network
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2 bias or threshold

® hyperbolic tangent sigmoid

* time delay

® recurrent

® standard Backpropagation algorithm
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® Counter propagation fuzzy-neural network (CFNN)
7 Fuzzy arithmetic
8 Gaussian membership function
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2 truncation depth

3 _online

* Radial basis function (RBF) network
® Gaussian
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