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Calculate Pearson correlation coefficient
(T = n(xy)-ENEy)
VInZx2-E )2 [nXy?*- X y)?]

Selecting variables with more correlation coefficient

Algorithm: AdaBoost. A boosting algorithm-Create an ensemble of classifiers. Each
one gives a weighted vote.

Input:

. D, a set of d class- labled training tuples;

) K, the number of round (one classifier is generated per round);
. a classification learning scheme.

Output: A composite model.

Method:

(1) initialize the weight of each tuple in D to 1/d;
(2) fori=1to kdo // for each round:

(3) sample D with replacement according to the tuple weights to obtain D;

(4) Use training set D; to derive a model, M;;

(5) Compute error(M;), the error rate of M; (Eqg. 8.34)

(6) If error(M;) > 0.5 then

(7) go back to step 3 and try again;

(8) Endif

(9) For each tuple in D; that was correctly classified do

(10) Multiply the weight of the tuple by error(M,)/(1-error(m;)); //update weights

(11) Normalize the weight of each tuple;
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(12)  Endfor
To use the ensemble to classify tupe, X:

(1) Initialize weight of each class to 0;
(2)  Fori=1kdo //for each classifier:

(3) W; = log %, // weight of the classifiers vote
(4) C=M;(X); // get class prediction for X from M,;

(5) Add w; to weight for class c

(6) Endfor

(7)  Return the class with the largest weight;
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use Pearson’s Linear Correlation and the combination of Data Mining
Algorithms simultaneously to improve prognosis of a kind of tumor in
cancer patients
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Abstract:

Nowadays, breast cancer is the most common cancer disease among women. Statistics shows a six
percent increase in Iran which indicates it as a serious danger. However, its danger can be prevented
increasingly by early diagnosis or prediction. By medical science progress, the way for developing
of a system with the capability of prevention, prognosis and cure by using the new technologies is
paved. Medical data mining tries to design a model and find relationships among risky factors to
predict the condition of future patients with the aid of current data. We try to compare different data
mining algorithms and combination of these algorithms to develop a new, efficient method with
high accuracy and capability to perform on local data. Finally, proposed method which improves
efficiency of Naive Bayes with Adaboost algorithm can predict the kind of benign or malign tumor
with the 96/67% accuracies. Required data for this procedure is extracted from UCI site to diagnose
the kind of tumor with 569 records and 32 variables.
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